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Abstract

In this article, we investigate the duality theorems for a class of non-smooth semidefinite multiobjective programming
problems with equilibrium constraints (in short, NSMPEC) via convexificators. Utilizing the properties of convexificators, we
present Wolfe-type (in short, WMPEC) and Mond-Weir-type (in short, MWMPEC) dual models for the problem NSMPEC.
Furthermore, we establish various duality theorems, such as weak, strong, and strict converse duality theorems relating to the
primal problem NSMPEC and the corresponding dual models, in terms of convexificators. Numerous illustrative examples are
furnished to demonstrate the importance of the established results. Furthermore, we discuss an application of semidefinite
multiobjective programming problems in approximating K-means-type clustering problems. To the best of our knowledge,
duality results presented in this paper for NSMPEC using convexificators have not been explored before.
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1. Introduction

Multiobjective programming problems (in short, MOP) hold significant importance in practical opti-
mization scenarios, such as business, economics, and various scientific and engineering fields (see, for
instance, [6, 36] and the references mentioned therein). It plays a crucial role in making optimal de-
cisions when multiple conflicting objectives must be simultaneously optimized. Several authors have
established various results for MOP in various settings (see, for instance, [19, 38, 58, 63, 64] and the refer-
ences mentioned therein). Nonlinear semidefinite programming problems are essentially a generalization
of nonlinear programming problems. In this case, vector variables are substituted with symmetric pos-
itive semidefinite matrices. In the past few years, the study of semidefinite programming problems has
emerged as a very significant area of modern research, for instance, see [1, 5, 8, 20, 21, 30, 47, 65, 66] and
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numerous authors have been studied comprehensively this problem, for instance, see [16, 50, 52, 53, 68]
and the references mentioned therein.

In mathematical programming problems, convexity plays a crucial role as it ensures that a stationary
point is a global minimum and first-order necessary optimality conditions are also sufficient for a point
to be a global minimum. To deal with the nonconvex nature of many real-world optimization problems,
several generalizations of convex functions have been introduced (see, for instance, [2, 34, 57], and the
references mentioned therein).

In numerous real-world optimization problems in the field of science, engineering, and various other
tields of modern research, non-smooth phenomena occur naturally. To deal with the non-smooth nature
of mathematical programming problems, concepts of generalized derivatives and subdifferentials have
been developed and studied extensively, for instance, see [9, 11, 35]. Convexificators are a weaker version
of the various well-known subdifferentials, such as Clarke [9], Michel-Penot [35], Ioffe-Mordukhovich
[25, 40], and Treiman [55]. In general, many of the familiar subdifferentials, such as [9, 25, 35, 40, 55] for
a locally Lipschitz function can be considered as convexificators, and these established subdifferentials
may include the convex hull of a convexificator, for instance, see [10, 12, 13, 26, 35]. Convexificators have
been used to extend various results in non-smooth analysis, for instance, see [28, 32, 33, 46, 48, 59, 70].
In non-smooth semidefinite programming problems (in short, NSDP), Golestani and Nobakhtian [22]
introduced constraint qualifications for NSDP and derived necessary and sufficient optimality conditions.
Mishra et al. [37] presented optimality and duality results for multiobjective NSDP. Lai et al. [29] used
convexificators to establish optimality conditions for multiobjective NSDP incorporated with vanishing
constraints. Upadhyay and Singh [61] established optimality and duality for non-smooth semidefinite
multiobjective fractional programming problems using convexificators.

In optimization theory, a mathematical programming problem incorporated with some complemen-
tarity constraints or variational inequality constraints is commonly referred to as a mathematical pro-
gramming problem with equilibrium constraints (in short, MPEC). Such problems frequently arise in
certain equilibrium applications in engineering and economics that are modelled by variational inequal-
ities, such as chemical engineering [44], telecommunication [45], hydro-economic river basin model
[7], etc. In the past few years, numerous authors have studied MPEC extensively, for instance, see
[14, 15, 17, 24, 31, 41, 49, 69] and the references cited therein. Using convexificators, Ardali et al. [3]
established necessary and sufficient optimality conditions for non-smooth single-objective MPEC. Later,
Ardali et al. [4] established optimality criteria for non-smooth multiobjective MPEC with equilibrium
constraints.

Duality is the principle through which the same optimization problem can be viewed differently. Du-
ality plays a crucial role in mathematical programming problems as sometimes it is easier to solve the
dual problem rather than the primal problem; for instance, see [34, 39, 67]. Wolfe [67] introduced Wolfe
duality while Mond and Weir [39] introduced Mond-Weir type duality for differentiable scalar functions,
two very popular dual models. Under various assumptions of generalized convexity and subdifferentials,
these models were further extended for non-smooth functions in both scalar and multiobjective math-
ematical programming problems. Guo et al. [23] discussed the Wolfe-type dual model for MPEC and
established various duality results for MPEC. Singh et al. [51] established various duality results for
multiobjective MPEC. Utilizing convexificators, Pandey and Mishra [42] established several duality re-
sults in the context of non-smooth MPEC. Later, Joshi et al. [27] derived sufficient optimality criteria and
duality theorems for non-smooth MPEC using generalized convexity. In the past few years, numerous
authors have established various results with equilibrium constraints in various settings; for instance, see
[18, 54, 56, 60] and the references mentioned therein.

It is worth mentioning that the duality for MPEC using convexificators in Euclidean space has been
studied by numerous researchers, for instance, see [27, 42] and the references mentioned therein. However,
the duality theorems for NSMPEC have not been explored yet. The main objective of the present article
is to address this research gap by formulating WMPEC and MWMPEC dual models and deriving weak,
strong, and strict converse duality theorems that relate the corresponding dual models with the primal
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problem NSMPEC.

Motivated by the works of [4, 27, 42, 51], a class of NSMPEC using convexificators is investigated
in the present article. We formulate WMPEC and MWMPEC dual models and derive weak, strong,
and strict converse duality theorems that relate the corresponding dual models to the primal problem
NSMPEC. Several illustrative non-trivial examples are furnished to demonstrate the significance of the
various results established throughout the article.

The primary contributions and novel aspects of the current article are twofold. In the first fold, we
extend and generalize the duality theorems derived in [27, 42] from Euclidean space to a more general
space, namely, the space of symmetric positive semidefinite matrices. In the second fold, we generalize
the duality theorems established in [37] for a more general programming problem NSMPEC. To the best
of our knowledge, this is for the first time that the weak, strong, and strict converse duality theorems for
NSMPEC are explored using convexificators.

The present article is structured as follows. In Section 2, we revisit some basic definitions and prelim-
inary concepts related to semidefinite matrices and convexificators that will be utilized in the subsequent
sections of the article. In Section 3, we recall the optimality criteria developed for NSMPEC. In Section
4, we formulate WMPEC for NSMPEC and derive various duality results. In Section 5, we formulate
MWMPEC for NSMPEC and derive the duality results for NSMPEC. In Section 6, an application of
semidefinite programming problems with equilibrium in approximating K-Means-type clustering prob-
lem is discussed. In Section 7, conclusions are drawn and some future research directions are discussed.

2. Mathematical preliminaries and definitions

In this article, the symbols R™ and IN are used to denote the n-dimensional Euclidean space and
the set consisting of all natural numbers, respectively. Let R = R U{oo}. The space of n x n symmetric
matrices, symmetric positive semidefinite matrices, and symmetric positive definite matrices are denoted
by S™, 5%, and S, respectively. Let p, g € R™. Then the following notation is used in the article:

<q<< p;<dqa;, Vje{l,...,m}, =q<=
P=q pj < dj, Vj €l ) p=d {Pr<% for at least one r € {1,..., m}.

For o/, & € S™, we define the inner product between </ and % as (o/, %) = trace(</ Z). The norm
related to the inner product is referred to as the Frobenius norm, denoted by

1/2
n
| o |g=tr(Z /) > = | D layl®
Lj—1

Let B be a nonempty subset of S™. We use the symbols ¢l B, co B, and cone B, to denote the closure of B,
convex hull of B, and the convex cone (including the origin) generated by B, respectively. Now, we define
the following sets that will be utilized in the subsequent sections:

BT ={ageS":(,%)<0, V¥ € B}, B ={od eS": (A, %) <0, V¥ € B}.
We recall the following definitions from [22, 37].

Definition 2.1. Let B be a nonempty subset of S™ and &7 € cI B. Then, the contingent cone T(B, «/) at &/
is defined as

T(B,«)={VesS":35,|0&V,, — Vsuch that & + 6,V € B, Yn € N}.

Definition 2.2. Let @ : S™ — R be a function and .« € dom(®), where dom(®) :={&/ € S™: ® () # o).
Then we define the lower and upper Dini derivatives of @ at <7 in the direction V € S™ as:

O (V) = liming 2L FIVI=OLS) ) limsup 2L FAY) = @)
MO A ALO A
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Definition 2.3. Consider a function ® : ™ — R. We say that @ has a upper semi-regular convexificator
(USRC), 0*®(«/) C S™ at & € dom(®D) if 0*D (/) is a closed set and for every V € S™ we have

ot (; V)< sup  (( V).
(€D (o)

Definition 2.4. Consider a function @ : S™ — R. We say that @ has a lower semi-regular convexificator
(LSRC), 9. ®(o/) C S™ at &7 € dom(D) if the set 9, D (/) is a closed set and for every V € S™ we have

O («;V)> inf ((, V).
(€0.D ()

Definition 2.5. Consider a function ® : S™ — R. Let & € S™ such that @ (<) is finite and ® admits a
convexificator 0*® (/) at 7. Then,

e @ is 0*-convex at & if and only if V¥ € S™, O (V) — O () > (§,V — o), VE € 0*D();
e @ is strictly 9*-convex at 7 if and only if V¥ € S™, O (7)) — @ (&) > (,, 7V — o), VE € 0*D();

e O is 0*-pseudoconvex at .7 if and only if V¥ € S™, O(¥) < O(&) = ({, 7V — ) <0, V& €
0*D(A);

¢ @ is strictly 9*-pseudoconvex at o7 if and only if V¥ (# &) € S™, O(¥) < O() = (§,V — ) <
0, V&€ "D ();

e @ is 0*-quasiconvex at < if and only if V¥ € S™, O(¥) < O(o) = (§{, 7V —/) <0, V& ¢
0*D ().

The subsequent Lemma from [22] will be utilized in the sequel.

Lemma 2.6. Let o7 € S™ such that («/, Z) >0, VZ € S. Then o/ € ST

3. Optimality conditions

In this section, we recall the NSMPEC-tailored ACQ, GS-stationary point and necessary as well as suf-
ficient optimality conditions established for non-smooth semidefinite multiobjective programming prob-
lems with equilibrium constraints (NSMPEC) by Upadhyay et al. [62].

Consider the following non-smooth semidefinite multiobjective programming problem with equilib-
rium constraints:

NSMPEC Minimize ®(&) = (®1(«),..., D (&),
subject to ¥(&/) = (V1(&),..., ¥p(4)) <0,
O() = (01(H),...,04()) =0,
K() = (K1 (), ..., Km()) 20,
L(#) = (Li(),...,Lm(#)) 20,

where ®;:S™ - R, icl={1,...,7,and ¥; : S - R, icl*={1,...,p},0;:S" =R, ic]J ={1,...,q},
Ki:S" >R, ieM={1,...,m},andL;i :S™ - R, ie M ={1,..., m} are extended real valued functions.
We assume that each function admits USRC. Let Iy := {i|¥;(«/) = 0}. We define the set of all feasible
solutions .% of NSMPEC as

F={d e ST¥(#) <0, O(«) =0, K(«) >0, L(&/) >0, Ki(«/)Li(«) =0, 1 € M}.

We recall the following definitions of Pareto efficient solutions, local Pareto efficient solutions, and weak
Pareto efficient solutions for NSMPEC from [62].
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Definition 3.1. Let o7 € .Z. Then / is referred toasa Pareto efficient solution of NSMPEC if there does
not exist any other .« € .# such that ®(«/) < ®(&).

Definition 3.2. Let o € .%. Then . is referred to as a local Pareto efficient solution of NSMEEC if for
any neighbourhood .4 of &7 there does not exist any other &/ € 4" N.% such that ®(&/) < O().

Definition 3.3. Let &7 € .%. Then 7 is referred to as a lveak Pareto efficient solution of NSMPEC if there
does not exist any other .« € .# such that ®(«/) < ®(<).

For convenience, we define the subsequent index sets which will be utilized in the upcoming sections
of the article:

The set w is known as the degenerate set. We say that the feasible point </ satisfies the strict complemen-
tarity condition if w is empty. Throughout the article, we are considering the case where w is nonempty.
For convenience, we introduce the following notation which will be utilized in the upcoming sections of
the article:

F = U cod* (o
iel
gFt= U 00" ®; (),
jem{i}
§:= | J cod"¥i(a)
i€lly
H =] c00"0:i(#) Ucod*(—0;) (),
ieJ
S5 := | J co0"Ki(#/) U co d*(—K;) (o),
ied
Hy —UcoaL ) Ucod*(—Li) (<),
icy
G = U co 0*K; (o)
iew
He = U co0*Li (),
iew
(990) o, = | c00"(—K1) () U0 3" (~L;) (),

ic€w
)= (F) NG NH NGy NH, NG, NH,NSE,
T()=(F*) " NG NH NG5 NH, NGy, NHy N (SH), NST,
)= (F)° NG NH> NG NHS NGS, NI, N (SH)L,
§:={o/ € SHW() <0, O(=):=0, K() 20, L(«/) >0, k(& )Li(/) =0, i € M},
8t :={o € STD; () < (), Vj € I\{i}, ¥(«) <0, O(«/) =0,
K(e?) >0, L(«/) >0, Ki(«/)Li(«/) =0, i € M}

We recall the following definition of NSMPEC-tailored ACQ, introduced by Upadhyay et al. [62].
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Definition 3.4 (NSMPEC-tailored ACQ). The NSMPEC-tailored ACQ is satisfied at &/ € § if for every
i € II, ) )
D" := cone co F* 4 coneco G+ cone co H +cone co G5 + cone co H,,

+cone co Gy, +cone co Hy +cone co (), —S!
is closed and .7 (&) C T(8Y, o).
We recall the following definition of GS-stationary point of NSMPEC from [62].

Definition 3.5 (GS-stationary). We say that &/ € % is a generalized strong stationary (GS-stationary)
point if there exist vectors v = (v®,v¥,v®, vk vL) ¢ RTTPHa2m ¢ — (1@ 1% 1) ¢ R9*2™, and T € S,
such that

0€) vPcod* () + ) v{ecod Wi(e)+ ) [VP c0d*Oi(o) + 15 c0d* (—O;) ()]

iel iely ie]
+Z[v}fcoa*(— 1) () +vEco 0¥ ( —i—Z T co0 0" Ky (o) + T} co d*Li (/)] — T,
ieM ieM
U,)=0,v®>0,iecl, v >0, iecly, v2, 1 >0,ieJ, ¥& v}, %, 15,20, ie M,
Vi =vi=1,=1=0Vicew, tf=0, 17=0.

In the following theorem Upadhyay et al. [62] established that the GS-stationary condition for NSM-
PEC is the necessary first-order optimality condition for a locally Pareto efficient solution of NSMPEC.

Theorem 3.6. Suppose that </ is a locally Pareto efficient solution of NSMPEC. Suppose that at o/, ®;, i € 1,
Wi, iely +0;, 1 €], £K;, i€ M, and +L;, i1 € M admit bounded USRC. Assume that NSMPEC-tailored
ACQ holds at <. Then </ is a GS-stationary point.

Under the assumptions of generalized convexity, Upadhyay et al. [62] established sufficient optimality
conditions for weak Pareto efficient and Pareto efficient solutions of NSMPEC.

Theorem 3.7. Let us assume that o/ € .7 is a GS-stationary point of NSMPEC. Consider the index sets:
St={ied: >0, vIi={iecy: >0

Assume that ®;, 1 € 1 are a*—pseidoconvex and Vi, 1 € Iy, £0;, 1 € J, (—Ki), i € (U w), and (—Ly),
i€ (yUw), are 0*-quasiconvex at o/ Then,

1. if 85 Uyt =0, then < is a weak Pareto efficient solution of NSMPEC;
2. if @y, i € 1, are strictly 0*-pseudoconvex at o/, then <f is a Pareto efficient solution of NSMPEC.
4. Wolfe duality

Within the section, we present the WMPEC dual model for the primal problem NSMPEC. Furthermore,
we establish the duality theorems that relate WMPEC with NSMPEC. We introduce the index sets that
are utilized in the sequel:

Wi =licw:t >0, =0}, wki={icw:t =0, >0}
Now, we formulate the WMPEC problem related to the NSMPEC as
Maximize {@(ff) £ Y WW(2) + Y BP0 Z) +10(-00) (2]
i i€ly ieJ

+ 3 RER)2) + )20 - (0,2) ],

ieM
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subject to (&W,V‘D,vw,v@ O VK L U) € Fw, where O(%) = (01(Z),...,0.(%)) and F\n denotes the
set of all feasible solutions of WMPEC and is defined as:

F ::{‘V—(‘V(D‘VW‘V@T@V vE,U) € R" x RP x RY x RY x R™ x R™ x ST,
ZeST:0e) vPeod @ (Z)+ > vicod Wi (Z)+ ) [VPcod 0 (2)
iel ielly €]
+ T ©cod*( N+ Z VEc0d* (—Ki)(Z) + vicod*(—Li)(2)] — U,
ieM

V@ >0iel, v >0, iely, v2, 19 >0,ie], % Vi, i, >0, ieM,

1/

K L K L K _ L :
vy =vs =1, =715 =0, Ti:Ti:O,Vl€w}.

In the subsequent theorems, we derive various duality theorems, such as weak, strong, and strict converse
duality theorems that relate WMPEC and NSMPEC.

Theorem 4.1 (Weak duality). Let &/ € % and let (Z,v) € Fw. Suppose that @i, i € I, ¥;, i € Iy, £0;,
ie], (—Ki), i€ (dUw), (—Li), i € (yU w) admit bounded USRC and are 0*-convex functions at Z. Assume
that W& U wh UdT UyE = 0. Then, we have

O() > D(Z)+ ) VWi(2Z)+ ) PO:i(2)+10(—6:)(2)]
ie€lly i€]

+ ) b P+ V(L) (2)] — (U, Z).

ieM

Proof. Let <7 be any feasible solution of NSMPEC. Since @, i € I is 0*-convex at £, then we have
Oi() — Dy(Z) > (8}, o/ — %), VE} € 0° Dy (2), Viel 4.1)

Similarly, by the 9*-convexity of Wi, i € Iy, £0;,i € J, (—Ki),i € (JUw), (—Li),i € (YUw) at Z, we
have

V() —Wi(Z) = (82,9 — &), VEF € "W (Z), Vi€ Ty, (4.2)
i) —0i(Z) > (8,9 — ), VE €d*0: (%), Vie], (4.3)
(=8:)() — (—©:)(Z) > (&}, o/ — Z), VE{ € 3" (—01)(2), Vi€], (4.4)
(—K) () — (—Ki)(2) > (&, o/ — &), VE] € 0*(—Ki)(Z), Vie (bUw), (4.5)
(—L)() = (—Li)(2) > (&, o/ — Z), VE] € 0*(—Li)(Z), Vie (yUw). (4.6)

If wli U wl; Ust Uyt =0, then multiplying (4.1)-(4.6) by V{D >0,1el, v‘iy >0, 1¢ely, vi® >0, i€e],
T? >0,ie],vf>0,ie (8Uw), v} >0, i € (yUw), respectively and then adding them subsequently,
we get

S VR0 = Y VPO + Y VW)~ ) VW(2)+ ) vPei (o

iel iel iely i€lly i€]
=Y VPO Z)+ ) TP(-0:) ()= ) TP(—0)(2)+ > VE(—Ki)()
i€J ieJ ieJ ieM
— > VK2 + Y VEL)() — ) VE(-L)(2)
ieM ieM ieM

> <Zv?’&% + ) Va4 ) PP +PE + ) M+l -, M—ff> +(U, o —Z).

iel iely ie] ieM
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Since Z € %y, there exist Ei € cod* Py (2),i €1, E% € cod*V¥;(Z),i € Ly, E? € c00*0i(2),i €7,
T € cod*(—0)(Z),i €], T € cod*(—Ki)(Z),i € M, Ty € cod*(—L)(Z),i € M, and T € S, such that
-1 - =3 —4 -5 —6,
Z 'Vi(_DEvi + Z V:;yai + Z[V?El +T?E.i] + Z [Vlfcii +V1f£?] —U=
iel iely ieJ ieM

Moreover, (U, «/) > 0, VU, &/ € ST. Therefore,

D VWO = ) vPOUL)+ ) Vi) - ) viW(2)+ ) Ve

iel iel iely i€ly ie)
— Y VWei2)+ ) P(-0)() - ) (-0 (Z)+ ) V(%
i€] ig] ig] ieM
= VHR)Z) + ) VEL)() = ) VEL)(Z) = —(U, Z).
ieM ieM ieM

Since &7 € %, we have V(&) < 0,1 € Iy, O;() =0,1€], Ki(o7/) >20,1e M, Li(«Z) > 0,1 € M.

Therefore,
D VPO =) VPO 2)+ ) VW(2)+ ) P0i(2) +10(—01)(2)]
iel iel i€lly ie]
+ > VEK)(2Z)+ ) VHL)(2) — (U, Z).
ieM ieM

Hence,

() > D(Z)+ ) ViVi(Z)+ ) vPO:i(2)+10(—6:)(2)]

ielly i€]

+ ) B Z)+VHL)(2)] — (U, Z).

ieM
O

Now we establish the strong duality theorem for WMPEC assuming the objective and the constraint
functions are 0*-convex functions that admit bounded USRC and NSMPEC-tailored ACQ holds at an
optimal solution of NSMPEC.

Theorem 4.2 (Strong duality). Let o € .F bean optimal solution of NSMPEC and @i, 1€ I, ¥;, 1 L€ Iy +6;,
ie], —Ki, i€ (dUw), and —Li, i € (y U w) admit bounded USRC and are 0*-convex functions at <. Suppose
that at o/, NSMPEC-tailored ACQ holds. Then there exists

v=w2vY,v9,7°,v, 3 7) € R" x RP x RY9 x R4 x R™ x R™ x ST,

such that (o/,v) becomes an optimal solution of the WMPEC. Moreover, the corresponding objective values are
equal.

Proof. Since </ is an optimal solution of NSMPEC and NSMPEC-tailored ACQ holds at <7, then from
Theorem 3.6 there exists

v=w2,vY,v9,7° v v, T) € R" x R? x RY x RY x R™ x R™ x ST,
such that o/ is a GS-stationary point of NSMPEC. Thus, there exists &, € cod*®;(#/),i € I, & €
cod*W, (), € Iy, & € c0d*0i(),i € J, & € cod*(—0;)(F),i € J, L, € cod*(—Ki)(#),i € M,
20 € c0d*(—L)(o/),i € M, and T € S™, such that

S VT Y WE+Y BPE PRI+ ) BE + Vg U=

iel iely ie] ieM
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) =0,v® >0,iel,v¥>0,iely, v2 20,7 >0,i€], ¥ >0, v > 0, i € M. Therefore,

© >
,¥) € Fw. By Theorem 4.1, for any (£,v) € ff we have

()2 D(Z)+ ) VWI(2)+ ) vPOi(2)+1P(—6:)(2)]

U,
(

&§‘C3

iely €] @7)
+ ) XY+ V(L) ()] - (U, Z).
ieM
Now, from the feasibility conditions of NSMPEC and of the dual WMPEC we have
Wl(g) =0,1€ely, @l(g) =0,1€], KI(E) =0, Vie (bUw), Li(g) =0, Vie (yuUuw).
Therefore, we have
() =0(F)+ ) VW Vi(A)+ ) FPO(A) +7(—01) ()]
i€ly i€]
_ . o (4.8)
+ ) V(K () + Vi (L) ()] — (U, ).
ieM
From equations (4.7) and (4.8) we have
() + ) VIV(A)+ ) FP0:() +70(—0:) ()] + ) VE(—Ki) () + Vi (—Li) ()] — (U, )
icly ieJ ieM
Q)+ D> ViV(2)+ ) P0u(2)+12(—0:) (2] + ) (—K:)(Z) + Vi (—Li)(2)] — (U, Z).
iely ieJ ieM

Hence, (<7, V) is an optimal solution of WMPEC. Moreover, the corresponding objective values are equal.
O

Remark 4.3. 1t is evident that Theorems 4.1 and 4.2 generalize and extend Theorems 3.1 and 3.2, respec-
tively, established in Pandey and Mishra [42] from Euclidean space R™ to ST
Now we derive the strict converse duality theorem for the WMPEC, where we assume the objective

function to be 0*-convex and the hypothesis of the strong duality theorem holds.

Theorem 4.4 (Strict converse duality). Suppose that </ is a local weak Pareto efficient solution of NSMPEC.
Let (2, ) be the global weak Pareto efficient solution of WMPEC. Suppose that the assumptions of strong duality
theorem hold and ® is strictly 9*-convex at %. Assume that W& U wk U8 Uyt = (. Then, we have o = Z.

Proof. Let us assume that &7 # Z. By the Theorem 4.2 we have

() =0(F)+ ) VW(A)+ ) FPO(F) +70(—01) ()]
i€lly i€
+ Y V(K () + Vi (L) ()] — (T, ).
ieM (4 9)
(Z)+ ) 3{Wi(2)+ ) [BP0y(2)+12(—0,)(2)]
i€lly i€]
+ ) (K () +9H(—L)( D) — (0, 2).
ieM
Since @ is strictly 9*-convex at Z, therefore
Oi(F) — O(F) > (&), o — F), Vil € 0*D(2). (4.10)
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Similarly, by the 0*-convexity of ¥;, i € Iy, £0;,i € J, (—Ki), 1 € (dUw), (—Li), i € (yUw) at % we have

V() =i (D) > (82, — &), VE2 € "Wy (Z), Vi€ Iy, (4.11)

Oi(d) —0i(Z) > (8, o — Z), V& € 9*0y(Z), Vic], (4.12)

(—01)(#) — (—0)(Z) > (&1, o — Z), VEL € 3*(—04)(2), \ﬁEH, (4.13)

(k) () — (—K:)(Z) > (£, o — Z), VE] € *(—K:)(Z), Vie (bUw), (4.14)

(L)) = (-L)(Z) 2 (&8, o — Z), VE} € 0% (—Li)(Z), Vie (yUw). (4.15)

If w¥Uwkusi Uyl =0, then multiplying (4.10)-(4.15) by 9% > 0,i € I, 9¥ > 0,i € Iy, 92 > 0,i €],

4.10)
’f? >0,i€], f/}i{ >0,1€ (dbUw), \7‘{ > 0,1 € (yUuw), respectively and then addmg them subsequently we
get

S 00uE)- Y P02+ T IE) - T () + Y S00)

iel iel iely i€lly ie]
— Y 9P0u(Z)+ ) (-0 (7)) tP(-6:)(Z)
ieJ ie] i€]
+ ) HK)() = ) (KD + Y L)) - ) Vi
ieM ieM ieM ieM

> <ZV?£% + ) e+ Y BRI+ ePe + ) 9EEl 4 kel -0, %9?> + (0, 7 — 2).

iel icly ieJ ieM

Since & € Z, there exist é% € coa*(Di(ff) iel, £2 € cod*Vi(Z), i € Iy, &3 € c0d*0;i(Z), 1 e J,
& € cod*(—0;)(Z), i €], & € cod*(—Ki)(Z),ie M, 56 € cod*(—Ly)(Z), 1€ M, and U* € ST such that

S PEE Y W8+ Y BPR R+ Y+ vk v =0,
iel icly ieJ ieM

Moreover, (U, &) > 0, V0, o/ € S™. Therefore,

S 5004 ¥ 30 Z) 4 3 SN - Y (2 Y s00)

iel iel i€lly iely i€]
=) WeuD) + ) ®(-0)) - ) tP(-e)(Z)+ ) (-
ie) ie) ie) ieM
— > KNP+ Y VL)) - Y H(L)(D) > (0, D).
ieM ieM ieM

Since </ € .Z we have
Therefore,

D W) > ) PO D)+ ) WD)+ ) BPOuUZ) +1P(-0:)(2))

iel iel ielly ig]

+ Y VHK)( D)+ ) L)L) - (0, D).

ieM ieM
Hence,

which contradicts (4.9). Therefore, o7 = Z. This completes the proof. O
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Remark 4.5. Theorem 4.4 generalizes Theorem 4.5 established in Mishra et al. [37] for a more general
programming problem NSMPEC. For J] = () and M = (), Theorem 4.4 reduces to Theorem 4.5 established
in [37].

The subsequent example illustrates the significance of the weak duality theorem of WMPEC for the
problem NSMPEC.

Example 4.6. Consider the following multiobjective programming problem with equilibrium constraints

Minimize O() = (O1(), D2(F)) := (a2, aq),

P
subject to W(#/):=—a3 <0, K(&) :=2a, >0, L(&) :=a; >0, )

az

where @; : ST —>ﬁ(i:1,2),K:81 %E,L:Si—)ﬁ,andd: [2; as

} € S%. The set of all feasible

solutions of (P7) is defined as

ap az
35(1;1)::{[@ a3] eSt:a;20a>0, a3 >0, alag—a%>0}.

00
Let & = [0 0
the Wolfe dual (D;) of the problem (P;). Moreover, ®;,1 € {1,2}, ¥, —K, and —L are 0*-convex at 2 and
wl Uwhudi Uyl =0, such that
() > D(Z)+ ) VW) + ) VPOi(2)+1P(—6:)(2)]
i€lly ief

+ ) B Z)+VHL)(2)] — (U, Z).

ieM

]. Then for v =2, v§ =2, v¥ =0, v = 1, and v* = 1, 2 is a feasible solution of

Hence, Theorem 4.1 holds at the feasible point 2 = [8 8} of (D).

5. Mond-Weir duality

Now, corresponding to the primal problem NSMPEC, we formulate the Mond-Weir-type MWMPEC

dual model as
Maximize ® (%) = (01(Z),..., D (Z)),
(Z,v)
subject to (Z, V) € Fmw,

where Znmw denotes the set of all feasible solutions of MWMPEC and is defined as
ﬁMW:{V—(V(D V¥, v®, 19, vE V2 U) e R™ x RP x R9 x R4 x R™ x R™ x 8%,
ZeSl:0¢ Zvi@coa*@i(,@”) + Z v¥cod* V(&) + Z[v?co@*@i(o@”)

iel icly ieJ
+’t co0™( )+ Z VEc0d* (—Ki)(Z) + vicod* (—Li)(2)] -,
ieM
<U .QF)_O W(g)ZO,lGH\y, G)(g)zollel[l Kl(fiﬁ)gol 16(6U(l)), Ll(g)goz

ie(yUw), v2>0icl, v >0, icly, v2, 192 >0, icJ, % 5 5, it >0, ieM,
Vi =vg =15 = Ig:O'T’-{:T]{:QViEw}.

1

In the subsequent theorems, we present weak, strong, and strict converse duality theorems that relate
MWMPEC and NSMPEC.
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Theorem 5.1 (Weak duality). Let .7 be a feasible solution of NSMPEC. Let (Z£,V) be a feasible solution of the
dual MWMPEC of NSMPEC. Suppose that ®;, i€, ¥i, i € Iy, 20; i €], —K;, i€ (bUw), —Li, i € (YU w)
admit bounded USRC and are 3*-convex at Z. Assume that w¥ U wt U ST UyT =0. Then © (&) > ©(2).
Proof. Since @ is 9*-convex at Z, then

Oi() — O(Z) > (8}, o/ — Z), VEL € 0% D (2). (5.1)

Similarly, by the 0*-convexity of ¥;, i € Iy, £0;,i € J, (—Ki), 1 € (dUw), (—Li), i € (YU w) at Z we have

Vi) =i (Z) > (82, — &), VE2 € "Wy (%), Vi€ Iy, (5.2)

Oi(H) —Oi(Z) > (83,9 — %), VE} € 004 (Z), Vie], (5.3)

(—01)() — (—0:)(Z) > (&, & — Z), V&{ € 0" (—0)(Z), Vie], (5.4)

(—K) () — (—Ki)(2) > (&, o — Z), VE] € 0*(—Ki)(Z), Vie (bUw), (5.5)

(—L)(#) = (—Li)(2) > (&, o/ — Z), VE} € 0*(—Li)(Z), Vie (yUw). (5.6)

If wEUwkusiuyl =0, then multiplying (5.1)-(5.6) by v® > 0,i € I, v{! > 0,i € Iy, v2 > 0,i € J,

©>0ie€],vE>0i€ (5Uw), v >0,1i€ (yUw), respectively and then adding them subsequently we
get

D VPOi) =) VPOUZ)+ Y VW) - ) VW(Z)+ ) VPO

i€l iel i€lly i€y i€]
=) VWeu2)+) P (-0)() - ) P (-0)(Z)+ ) vi(-K
i€] i€] i€] ieM
— ) VRN 2)+ Y Vi) = Y VE(Li)(2)
ieM ieM ieM
> <ZV?£% + 3 e+ Y WP +Pe + Y VEE 4 ke U, o — ff> (U, of — ).
iel iely i€] ieM

Since & is feasible solution of the dual problem MWMPEC, then there exist Ei € cod* D (), 1 e,
£ € cod"Wi(Z), 1 € Iy, £ € c00*@;(Z), i € J, & € cod*(—01)(Z), 1 €], & € cod*(—Ki)(Z), i € M,
E? € cod*(—Li)(Z), 1€ M, and U € ST such that

Y PR+ Y WE Y MPE PRI+ Y ME +ViE -

iel iely ie] ieM

Moreover, (U, «/) >0, VU, o/ € S, and (U, &) =0, VU € S, VZ € Fmw. Therefore,

Y VPO =Y VPO + Y vWil) = ) vW(2)+ ) VP

iel iel icly iclly i€]
=) veu2)+) P (-e))-) (-0
i€y ieJ i€]
+ ) V) (@) = ) VRN (2)+ ) VL)) — ) VE(-L)(2) > 0.
ieM ieM ieM ieM

Since & € .% we have

Yi(#) <0,iely, Oi(«)=0,1€], Ki(«) 20, ieM, Li(«) 20, ic M.
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Therefore,
Y VPO = ) VPO 2)+ ) VW) + ) VPei(2)
iel iel iely i€]
+3 R(-0)(2)+ ) VEK)(Z)+ ) VE-L
i€] ieM ieM

Since & € Fnmw we have
Hence, ®(«&) > ®(Z). a

Now we establish the strong duality theorem for MWMPEC assuming the objective and the constraint
functions are 0*-convex functions that admit bounded USRC and NSMPEC-tailored ACQ holds at a
locally Pareto efficient solution of NSMPEC.

Theorem 5.2 (Strong duality). Let </ be a locally Pareto efficient solution NSMPEC. Let at </, @, i € I, ¥4,
ielly £04, i €], =Ky, i € (dUw), and —Li, i € (yU w) admit bounded USRC and are 0*-convex functions at
</ . Suppose that at o/, NSMPEC-tailored ACQ holds. Then there exists

v=w2,vY,v9,7° v ¥, 7) € R" x RP x RY x RY X R™ x R™ x 8%,
such that (o7, ¥) is an optimal solution of MWMPEC. Moreover, the corresponding objective values are equal.

Proof. From the assumptions of the theorem, ./ is a locally Pareto efficient solution of NSMPEC and
NSMPEC-tailored ACQ holds at .«7. Then from Theorem 3.6 there exists

v =(v?,¥Y,¥9,7°, 7,7, 0) € R" x RP x RY x RY x R™ x R™ x ST,

such that .7 is a GS -stationary point of NSMPEC. Thus, there exists E, € cod* (), E, € cod*V¥; (),
E € c00*0; (), 5 € cod*(—0y) (), E,i € cod*(—K;) (), 51 € cod*(—Li)(«/), and U € ST such that

S VPE+Y WE+Y PR+ Y W+ -

iel iely ie] ieM
U ) =0,v® >0,ieLLv{ >0,icly, 2,7 > 0,1 €], ¥, ¥, i € M. Therefore, («/,V) € Fmw-
Using Theorem 5.1, for any feas1ble solution (o@” v) of MWMPEC we have ®(o7) > ©(Z). Hence, (&7, V)

is an optimal solution of MWMPEC. Moreover, the respective objective values are equal. This completes
the proof. O

Remark 5.3. 1t is evident that Theorems 5.1 and 5.2 generalize and extend Theorems 3.3 and 3.4, respec-
tively, established in Pandey and Mishra [42] from Euclidean space R™ to ST
Now we establish the strict converse duality theorem for the MWMPEC, where we assume the objec-

tive function to be 9*-convex and the hypothesis of the strong duality theorem holds.

Theorem 5.4 (Strict converse duality). Suppose that <7 is a local weak Pareto efficient solution of NSMPEC and
(Z,%) is a global weak Pareto efficient solution of MWMPEC. If the assumptions of the strong duality theorem hold
and ® is strictly 0*-convex at %, then we have of = Z.

Proof. Let us assume that o7 # 2. By Theorem 5.2 there exists
v =(v?,vY,¥9,7°, 7,7, 0) € R" x RP x RY x RY x R™ x R™ x ST,

such that (</,V) € Zmw and

A

() = O(2). (5.7)



B. B. Upadhyay, S. K. Singh, I. M. Stancu-Minasian, J. Nonlinear Sci. Appl., 17 (2024), 128-149 141

Since ® is strictly 0*-convex at &, therefore

Oi() — Oi(2) > (&, o — Z), VE} € 0" O (). (5.8)
Similarly, by the 0*-convexity of ¥, i € Iy, £0;,i € J, (—Ki), i € (bUw), (—Li), i € (yUw) at %, we have
Vi) —Wi(Z) > (&, o — Z), VE, € 0*Wi(Z), Vi€ Ly, (5.9)
Oi () —Oi(Z) > (&8, — ), VE] € 970:(Z), Vie], (5.10)
(—0) () — (=0 Z) > (&8, & — Z), VE{ € 0°(—01)(Z), Vi €], (5.11)
(—Ki) () — (K )( D) = (&3, — Z), VES € 0*(—K{)(Z), Vie (bUw), (5.12)
(L)) = (-L)(Z) = (&8, o — Z), VE} € 0*(—Li)(Z), Vi€ (YU w). (5.13)
If wfUwkust Uyt =0, then multiplying (5.8)-(5.13) by ¥ > 0,i € L9¥ > 0,1 €y, 92 > 0,1 €],
A@ >0,ie],¥>0,ic(dUw), ¥ >0,i€(yUw), respectlvely and then adding them subsequently we
get
Y 9P0i() =) PO Z)+ ) W) - ) WWi(Z)+ ) vPeiw)
iel iel i€lly i€lly i€]
—) ey Z Z ®:)(«)— ) 1P(-©
i€] ig]
+ ) (k) Z —K) (L) + Y VL)) — Y VH-L)(Z)
ieM ieM ieM ieM
> <Zv?’a% + ) Ve Y BRI +Pe + ) B+ e 0, o — ff> +(0, o = 2).
iel icly i) ieM

Since & € Fmw, there exist éi € cod* 0 (%), E% € cod*V¥(2), Eff € c00*0;i(%), é‘f € cod*(—0)(2),
£3 € cod*(—Ki)(Z), £ € c0d*(—Li)(Z), and U* € ST such that

Y IPE+ Y WE+) FRE+RHI+ ) B+ - =0, (U, Z)=0.
iel iely ie] ieM

Moreover, (U, «/) >0, Vo/,0 € S Therefore,
> 9P0i() =) PO D)+ ) W) - ) WWi(Z)+ ) vPei()

i€l i€l i€ly i€ly i€]
=) WeiZ)+ ) P(-0)() - ) 1P(-6:)(Z)
ieJ ie) i€]
+ ) W) () = ) KNP+ ) (L)) — ) (L)) > 0.
ieM ieM ieM ieM

Since </ € .%, we have
Yi (/) <0,icly, Oi()=0,ic], Ki(
and Z is a feasible solution MWMPEC, then we have
Yi(Z)20,icly, 6i(Z)=0,ic], Ki(Z)<0,ieM, Li(Z) <0,iec M.

Y W) >) WD)

iel iel

R

Therefore,

Hence, o
() > 0(2),

which contradicts (5.7). Therefore, o7 = Z. This completes the proof. O
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Remark 5.5. Theorem 5.4 extends the scope of Theorem 4.10 established in Mishra et al. [37] for a more
general programming problem NSMPEC. For J = () and M = (), Theorem 5.4 reduces to Theorem 4.10
derived in [37].

The subsequent example illustrates the importance of the weak duality theorem of MWMPEC for the
considered problem NSMPEC.

Example 5.6. Consider the following multiobjective programming problem with equilibrium constraints

Minimize ®(&) = (01(), P2()) = (a2, a1),

P
subject to V() :=—a3 <0, K(&) :=2a, >0, L(&) :=a; =20, (P2)
a; az

where @; : S - R (1=1,2),K:8" - R, L:S" - R, and & = [a o
2 a3

} € S%. The set of all feasible

solutions of (P,) is defined as

ap az 2
ﬁ(pZ):{[(Q 03] €St:a;20a22>0, a3 >0, a1a3—a220}.

The Mond-Weir type dual of the problem (P;) is given by

Maximize ®(Z) = (01(2), Po(Z)) := (22,21),

D
subject to W(Z) =—2z3 >0, K(Z) =22, <0, L(Z) =2 <0, (D2)
Z1

where @; : S% —>1R(i:1,2),K:SIE—>]R,L:Szl—>]R,andff:[Z2

Zz] € S2. The set of all feasible
3

solutions of (D») is defined as

1 22 2
ﬂ(DZ):{LZ 23] €57 :21 <0, 200, z3 <0, 2123—2520}.

[(1) 8} such that 2 = [8 8} € F(D,)-
Moreover, ®i,1 € {1,2}, ¥, —K, —L, are 0*-convex at 2 and w¥ U wk U8} Uyl = 0. Hence, by Theorem
5.1 we have ® (&) > ©(Z).

There exist v =2, v =2, vW =0, v =1, vt =1, U =

In the following section, we shall discuss an application of semidefinite multiobjective programming
problems with equilibrium constraints in approximating K-Means-type clustering problems. Moreover,
we have considered a particular case of three data points to show the significance of weak and strong
duality theorems in approximating K-Means-type clustering problems.

6. Applicaton in approximating K-means-type clustering problems

One of the fundamental clustering problems is to assign n points into K clusters based on minimal
sum-of-squared distances (in short, MSSC) (see, for instance, [43]). Let S be a set of n points in a d-
dimensional Euclidean space, denoted by S = {s; = (si1,... ,sia)" € R4, 1 =1,...,n}. The task of MSSC
is to find an assignment of the n points into K disjoint clusters S = (Sy,...,Sk) centred at cluster centres
¢j(j = 1,...,K) such that the total sum-of-squared Euclidean distances from each point s; to its assigned
cluster centroid c; and

[S;1
f(8,8)=3 Y Ils = |2

j=11i=1
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is minimized. Here |S;| is the number of points in S5 and ng) is the i'" point in S;j. Note that if the cluster
centres are known, then the function f(S,S) achieves its minimum when each point is assigned to its
closest cluster centre. Therefore, MSSC can be described by the following bilevel programming problem

Mmlmlze mln{Hsl—qH ,Hsi—ckHZ}. (6.1)

i=1
On the other hand, if the points in cluster S; are fixed, then the function

|S;]

£(S5,8) =)

i=1

i 2
() .
8¢ —¢

is minimized when
1y )
j
5] 2 Z sy’
Let X = [x4;] € R™*K be the assignment matrix defined by

1, if s; is assigned to S;,
Xij = .
0, otherwise.

As a consequence, the cluster center of the cluster S;, as the mean of all the points in the cluster, is defined
by

o = P Z1=1%58t
D SHIPERY
Using this fact, we can represent (6.1) as
Minimize Z Z X4 Zl 11X S i
Xij 1 i1 K 211Xy
ji=11i=
subject to Z xyj =1, vVie{l,...,n}, (6.2)
i=1
n
D xii=1, Vie{l,. ..k, xi€{0,1}, Vi,je{L,...,n}} (6.3)

The constraint (6.2) ensures that each point s; is assigned to one and only one cluster, and constraint (6.3)
ensures that there are exactly K clusters. Let Z := [z;] = X(XTX)~1XT. Following Peng and Wei [43] the
above problem can be modelled as a semidefinite programming problem as

Minimize trace(W,W/ (1—Z2)),
subject to Ze =e, trace(Z) =K, Z>0, Z= 7%, Z¢€ sh,

where W, € R™*¢ denotes the matrix whose ith row is sT, I is the n x n identity matrix, e is n x 1 vector
with all entries equal to 1, and Z > 0 means the componentw1se inequality.

The constraint Z = 72 implies that zi; = z%j, which can be written as zij(1 —zij) = 0. Since zi; > 0 and
1—2zi; > 0, the above problem can be reformulated as

Minimize ®(Z): = trace(WSWST(I —7)),
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sub]ectto @ "Z):=((zi14++zin—1), ..., (Zn1++2Znn—1)) =0,

(Z) =z +zn+-+znn—K=0,
KU(Z) =zij > O,Vl,]e{l,..., n},

j(Z)=(1-2z45) 20, Vije(l,...,n},

(

Ky (Z)Lyj(Z) =0, Vij € {L,...,n),

which is in the form of semidefinite mathematical programming problems with equilibrium constraints.
In particular, we take S = {(0, 0)7, (1,0)7, (2,0) € R?}, and K = 2 in the following example to demonstrate
the significance of the established results.

Example 6.1. Let us consider the following set of points given by S ={(0,0)T, (1,0)7, (2,0)" € R?} and let
K = 2 be the number of clusters. Then we have

000
W, = {O 1 0] and ®(Z) .= trace(WsWST(I —Z)) =5—2z9p —4z33.
0 0 4

Thus the K-Means-type clustering problem can be formulated as a semidefinite programming problem
with equilibrium constraints as

Minimize O©(Z
subject to ©1(Z

=5 —1zpp —4z33,
=z1nn+zi2+z13—1=0,

(Z2):
(Z2):
©2(Z):=z1+z0+23—1=0,
O3(Z): =231 +2z3+233—1=0, )
Ou(Z) i =z11 + 2z +233—2 =0,
Kij(Z):=2z45 20, Vi,je{l,23},

Lij(Z) = (1—z) >0, ¥Vi,j €{1,2,3),
Kij(Z)Li;(2) =0, V'i,j € {1,2,3},

Z11 Z12 Z13
where O : Si — E, Oy : 51 — ﬁ, te{1,2,3,4}, Kij, Lij : 51 — ﬁ, Vi,j € {1,2,3},and Z = |:221 Z71 223] S
Z31 Z32 233
0 0O
G3. It is evident that Z = |0 1 0| satisfies all the constraints and hence is a feasible solution to the
0 01
considered problem. Moreover, we calculate the USRC of each function of the problem at Z, given by

0*01(Z) = {

Q
*
S
NI
Il
——
T 1
ol o
|
FPOO
| E—
———
]
———

Ni= O O NI=NI= =

N O O© O OPNi=

L
——

' o~ ok oo o

1T
OOI\)

T
N[—=

S = O NIk RN
e )
| |
~—
Q
*
|
@
—
N
Il
—N— —— —/—
1
[
=N =
\ |
I\)\HO o © OI\)\H = NEN= O O NI
|
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I
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-1 0 0 1 00
0 -1 0O , 0*K11(Z) = 0 0 0f p,
0o 0 -1 0 00

1

2

0

0

0" (—04)(Z) = {

o O O
| ——
——

(%)

*

=~

—

w

N

Il

(%)

*

=~

[¢8)

—_

N

Il
——
Ni—= O O
o O O
O ONI-
|
——

000 000
Kn(Z)=< [0 1 0f 7, "K3(Z) =< [0 0 Of ¢,
000 001
0 0 3 B -1.0 0
0*K3(Z) = 0"Kzn(Z) =< [0 0 O] », *Ln(Z)=<{|0 0 o]},
; 00 (0 00
_ I R _ _ 0 0 -}
0*L1a(Z) = * L (Z) =< |—3 0 0] 7, 0" L13(Z) =0*Lg1(Z) =4 | 0 0 0|,
(0 0 0 190 0
0 0 0 T
0 LZZ(Z): 0 -1 0 ,
0 0 0

_1 0 0 -1
_ _ 2 2
a(K12)(Z)a*(K21)(Z){|:% 0 {0 0 0]},
0 0 —1 0 0
0 0 O 0 0 0
0" (—K2)(Z) =< [0 —1 0] ¢, 0" (—Kx)(Z)=< [0 0 0| ,,
0 0 0 0 0 —1
[0 0 —3 B 1.0 0
0" (—Kx3)(Z) = 9% (—K3)(Z) = 0 0 0 , 0 (-Lu)(Z)=4¢ (0 0 0] p,
-1 0 0 000
B B 0 2 0 B B 00 3
a*(le)(Z)a*(Lzl)(Z){ 3 0 0]}, a*(L13)(Z)a*(L31)(Z){{0 0 0]},
0 00 100
0 0O 0 0O
" (—Lp)(Z) =< [0 1 0f p, 0"(—Lg3)(Z) =< [0 0 Of »,
0 0O 0 01

It can be verified that there exist £ € co0*®(2), &ge c00*O(Z), t €{1,2,3,4), 19 € co 6*&—@[)(2),
vt € {1,2,3,4}, & € cod'Ky(Z), nf; € cod*(—Ky)(Z), & € cod*Lyj(Z), nfj € cod*(—Ly)(Z), Vi,j €
{1,2,3}, and U € $3, such that Z is GS-stationary point. Moreover, related to the primal problem (P) the
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Wolfe-type dual model (D) can be formulated as

Ma>flyn}}1ze { )+ Z Y) 4+ 12 (—0)(Y)] + Z [\/Ifj (—Ki5)(Y) + VI{j (—Li;) (V)] = (U, Y) },
tej ijeT

subject to (Y, ) € Fw,

(Dw)

where ©(Y) = trace(WSWST(I -Y)),J =1{1,2,3,4}, T = {1,2,3} and %\ denotes the set of all feasible
solutions of the Wolfe-type dual problem (D) related to the primal problem (P) and is defined as

Fw = {?\ (v®,v®, 19, vk V& U)eIRx]R4><1R4><]R9><lR9><Si,
YeSl: 0evPcod @i(Y)+ ) [vPcod* @ (Y) +1Pc0d* (—O)(Y)]

te]
+ Z [vi;c00" (—Kij)(Y) + vijc00™ (—Ly) (V)] =T,

v >0,iel v2, 19 >0, te], v l], I{),T}i{j,TI{J->O,i,j€T,V§,:V%:T}§/:TIg:0}.

Furthermore, related to the primal problem (P) the Mond-Weir-type dual model (D) can be formulated
as
Maximize @ (Y) = trace(WSWsT(I -Y)),
(Z2) (Dm)
subject to (Y,A) € Zmw,

where ] ={1,2,3,4}, T ={1,2,3} and .#nmw denotes the set of all feasible solutions of the Mond-Weir-type
dual model (D) related to the primal problem (P) and is defined as

ﬁMW:{A (v®,v@, 19,V vEU) e RxR* x R*x R? x R? x 3,

YeS]: 0€vPeod @i (V) + ) [v2cod*O(Y) +1Pcod* (—O)(Y)]
tef

+ Z vEic0d* (—Ki;) (V) + vic0d* (—Lyj) (V)] - U,

1(.9 0 16]] Vl]/ V%)/ TII{]/ ij O Vl]ET V %:TK ngo}

0 0O
Since Z = |:0 1 0] is a GS-stationary point and w¥ U w% U8F Uyl = 0 of the primal problem (P).
0 01

Moreover, @, £0¢, t € J, —Kij, ij € (U w), and —Lij, ij € (y U w) admit bounded USRC and are
100
0*-convex functions at Z. Since Y = {O 0 0] is a feasible solution to the Wolfe-type dual (D) such
001
that
(V) + ) POV +12(—0) (V] + D V8 (—Kij) (V) + v (—Lij) (V)] — (U, V).
tey ijeT

Hence weak duality theorem, i.e., Theorem 4.1, holds for the considered problem (P). Furthermore,
0 0O

NSMPEC-tailored ACQ is satisfied at Z = {O 1 0] and there exists A = (v®,v°,7®,v%, %, U) € R x
0 01
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R* x R* x R x R? x 83, such that (Z,A) is a feasible solution of the dual problem. Hence, the strong

duality theorem, i.e., Theorem 4.2, holds for the considered problem (P). Similarly, for the Mond-Weir-
0 0O

type dual (Dnm) related to the primal problem (P), Y = [0 1 0] is a feasible solution of the dual (Dn1)
0 01

such that ®(Z) > @(Y). Hence weak duality theorem, i.e., Theorem 5.1, holds for the the considered

problem (P). Moreover, there exists A = (v?,v9,%9, 9%, 95,0) € R x R* x R* x R? x R? x 8. such that

(Z,A) is a feasible solution of the dual problem (Da). Hence, the strong duality theorem, i.e., Theorem

5.2, holds for the considered problem (P).

7. Conclusions and future directions

In this article, we explored various duality results for a class of non-smooth semidefinite multiob-
jective programming problems with equilibrium constraints (NSMPEC). We have presented Wolfe-type
(WMPEC) and Mond-Weir-type (MWMPEC) dual models related to the primal problem NSMPEC and
established weak, strong and strict converse duality theorems for the corresponding dual models.

The various results established in this article extend many familiar results existing in the literature
from Euclidean space to the space of symmetric positive semidefinite matrices. Especially, the duality
theorems established in this article extend the duality theorems established in [27, 42] for Euclidean space
R™ to St. Moreover, as an application of the results established in this article, we have considered the
problem of assigning n points into K clusters based on minimal sum-of-squared distances. In particular,
for a certain set of points, given by S = {(0,0)7, (1,0)7, (2,0)7 € R?}, we have considered the problem
of assigning the points in S into two clusters. Moreover, we have formulated Wolfe-type and Mond-
Weir-type dual models and demonstrated the significance of weak and strong duality theorems for the
considered problem.

The various results introduced throughout the article leave various avenues for future research. For
example, given the work presented by Lai et al. [29], studying duality results for non-smooth semidefinite
multiobjective programming problems with vanishing constraints would be interesting.
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